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Central Proposition. Evidence from the literature reviewed suggests that as Generative AI lowers the 
cost of producing product artifacts, the capabilities that distinguish high-performing Product Managers 
may shift toward framing, judgment, alignment, and accountability. Existing research demonstrates 
AI’s effects on productivity and adoption more clearly than its effects on Product Manager 
performance; therefore, this proposed shift requires further empirical testing. 

 

1 Executive Summary 

Generative AI is changing not only how Product Managers work, but potentially where they 
create differentiated value. Recent studies demonstrate meaningful gains in knowledge-work 
productivity, synthesis, and artifact production; however, evidence that AI is changing the 
determinants of Product Manager performance remains emerging. This paper proposes that as 
routine product artifacts become faster and cheaper to produce, accountable judgment, the ability 
to frame consequential decisions, establish delegation boundaries, validate evidence, align 
stakeholders, and own outcomes may become relatively more important. Evidence from existing 
research suggests that business and technology leaders should test this proposition by redesigning 
Product Management workflows and evaluating AI-enabled work through decision quality and 
product outcomes, rather than productivity alone. 

 

2 Topic Overview & Context 

Generative AI has moved rapidly from experimentation into enterprise operations. Stanford HAI 
reports that the share of surveyed organizations using AI in at least one business function 
increased from 55% in 2023 to 78% in 2024 and 88% in 2025. Microsoft’s 2025 Work Trend 
Index similarly found that 82% of leaders considered 2025 a pivotal year for rethinking strategy 
and operations, while 81% expected agents to become moderately or extensively integrated into 
organizational AI strategies within 12–18 months (Microsoft, 2025; Stanford HAI, 2026). 

Product Management is particularly exposed because much of the role involves 
language-intensive and information-rich work: customer synthesis, market research, requirements 
development, prioritization, roadmap communication, and cross-functional coordination. In a 
small-scale study involving 40 Product Managers, McKinsey & Company (2024) found that 
Generative AI increased PM productivity by approximately 40% and could accelerate product 
time to market by about 5%. Participants worked individually on activities for a fictional 
company under varying levels of AI access, meaning the results should be interpreted as early 
evidence rather than proof of organization-wide effects. 

As shown in Figure 1, the largest time savings occurred in content-heavy Product Management 
activities, where average task duration declined by approximately 40%, compared with 
approximately 15% for content-light activities. 
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Figure 1. Generative AI reduced time spent on Product Management tasks, with the largest reduction 
observed in content-heavy activities. 

Note. In McKinsey’s study of 40 Product Managers, average time spent on content-heavy activities 
declined from 116 to 70 minutes with Generative AI tools, while time spent on content-light activities 
declined from 69 to 59 minutes. Source: McKinsey & Company (2024). 

Research approach and scope. This desk review synthesizes 12 sources: 11 recent studies and 
institutional reports published between May 2024 and August 2026, plus one foundational 
economics-of-AI source used to establish the theoretical lineage of judgment and prediction. 
Sources were identified through targeted searches of the ACM Digital Library, NBER, arXiv, 
institutional research repositories, and publisher websites using combinations of terms including 
Generative AI, Product Manager, Product Management, AI delegation, knowledge work, AI 
productivity, responsible AI, and decision-making. Priority was given to peer-reviewed or 
conference research and institutional reports with disclosed methodologies; promotional 
commentary, duplicate evidence, and sources without transparent methods were excluded. 

The review primarily addresses software and digital Product Management and should not 
automatically be generalized to physical-product, public-sector, highly regulated, or 
small-company environments. Source independence was also considered. Several industry 
sources have commercial interests in AI transformation, while Ulloa et al. (2026) was conducted 
within Microsoft and Microsoft’s Work Trend Index provides separate workforce evidence. 
Evidence from the same institutional ecosystem is therefore not treated as independent 
corroboration; conclusions are triangulated across academic, industry, and multi-organization 
research. The frameworks proposed below are the author’s analytical synthesis and have not been 
empirically validated. 

Across the 12 sources reviewed, evidence is considerably stronger on AI adoption, productivity, 
and task-level effects than on how AI changes the criteria that distinguish exceptional Product 
Manager performance. Studies rarely connect AI use to longitudinal product outcomes, decision 
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quality, promotion, or sustained performance. This imbalance creates the central research gap 
addressed by this paper. 

For purposes of this analysis, high-performing Product Managers are defined primarily as those 
who consistently contribute to strong product and business outcomes through sound decisions, 
effective prioritization, customer understanding, and cross-functional leadership, not merely 
those who produce more artifacts or receive higher performance ratings. 

Primary area of focus: How is Generative AI shifting the sources of value that define 
high-performing Product Managers? 

Secondary area of focus: What organizational conditions determine whether that shift translates 
into better product decisions and outcomes? 

 

3 Key Findings from the Literature 

Finding 1: Artifact production is becoming cheaper and 
faster 

Across the literature, Generative AI creates its clearest near-term value in structured, 
execution-oriented knowledge work. McKinsey’s PM study found gains across market research, 
requirements development, backlog creation, customer synthesis, and communication. Beyond 
Product Management, Dell’Acqua et al. (2025) conducted a preregistered field experiment with 776 
Procter & Gamble professionals working on real product-innovation challenges. Individuals using 
AI achieved performance comparable to human teams without AI, while AI also reduced functional 
knowledge silos between commercial and R&D professionals (Dell’Acqua et al., 2025; McKinsey 
& Company, 2024).  

These studies establish an important baseline: competent first drafts, synthesis, analysis, and other 
product artifacts are becoming faster to produce. They do not, however, demonstrate that execution 
is unimportant. Rather, they suggest that artifact production may become less scarce and therefore 
less useful by itself as a signal of exceptional PM performance. 

Finding 2: Judgment is becoming the scarce differentiator 

The idea that cheaper AI capabilities can increase the relative importance of human judgment has 
an established economic lineage. Agrawal, Gans, and Goldfarb (2018) distinguish prediction from 
judgment: improved prediction can lower the cost of producing information, while decisions still 
require determining objectives, payoffs, and trade-offs under uncertainty. This paper extends that 
logic to Product Management. Recent workforce evidence is consistent with this proposition. 
PwC’s 2026 AI Jobs Barometer found that highly AI-exposed junior roles were seven times more 
likely than the least exposed junior roles to require traditionally senior capabilities such as 
leadership and strategic thinking. Microsoft found that global leaders expected AI to allow 
employees to undertake more complex, strategic work earlier in their careers. The World Economic 
Forum likewise identifies analytical thinking, leadership, creative thinking, technological literacy, 
and systems thinking among important workforce capabilities (Microsoft, 2025; PwC, 2026; World 
Economic Forum, 2025).  
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Applied to Product Management, AI may summarize competing customer requests, identify 
patterns, and generate prioritization scenarios; however, AI output alone cannot legitimately settle 
whether short-term revenue, long-term positioning, regulatory risk, technical debt, or customer trust 
should govern a consequential product decision. 

The contribution of this paper is therefore not the general claim that AI increases the importance of 
judgment. Its contribution is the Product Management–specific translation of that proposition into 
the Product Manager Value Shift and Accountable AI Delegation frameworks. Figure 2 synthesizes 
the proposed progression from artifact production toward decision quality and accountable 
judgment. 

 

Figure 2. The Proposed Product Manager Value Shift 

Author-developed analytical framework synthesizing McKinsey & Company (2024, 2025), 
Microsoft (2025), PwC (2026), Agrawal, Gans, and Goldfarb (2018), Ulloa et al. (2026), and Yun et 
al. (2025). The framework represents an interpretive synthesis and has not been empirically validated 

as a maturity model. 

 

Finding 3: Delegation is shaped by identity, accountability, and social context 

The strongest PM-specific evidence indicates that delegation to AI is a professional and 
organizational decision, not simply an automation decision. Ulloa et al. (2026) surveyed 885 
Microsoft Product Managers, analyzed telemetry for 731, and interviewed 15. Delegation decisions 
were shaped by professional identity, accountability, personal perceptions of AI use, team practices, 
and organizational expectations. Participants maintained that responsibility for outcomes should 
remain human.  

Smith et al. (2026), using 25 interviews and a survey of more than 300 product professionals, 
similarly found that uncertainty and diffused responsibility constrained responsible AI action, while 
leadership commitment and organizational principles enabled it. Yun et al. (2025), studying 16 
Product Managers, identified overreliance, user isolation, and contextual information outside an AI 
system’s reach as limitations of AI-enabled knowledge synthesis.  

These findings also make ethics inseparable from delegation quality. An AI-generated customer 
synthesis can appear authoritative while reproducing bias in an unrepresentative sample. Entering 
roadmap, competitive, or customer data into an ungoverned tool can create privacy and 
confidentiality risks. Product Managers therefore remain responsible for understanding not merely 
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what an AI produced, but how evidence was generated, what information may be missing, and who 
bears consequences when it is wrong. 

There is also an intergenerational ethical concern. If junior PMs historically build judgment through 
research, documentation, analysis, and repeated exposure to lower-stakes decisions, automating that 
work may reduce access to the experiences through which expertise develops. Efficiency should 
therefore not inadvertently eliminate the apprenticeship pathways needed to produce future product 
leaders. 

Translating this literature into practice, this paper proposes the Accountable AI Delegation Loop. 

 

Figure 3.  Accountable AI Delegation Loop for Product Managers. 

Author-developed practitioner model synthesizing insights from Ulloa et al. (2026), Smith et al. (2026), and 
Yun et al. (2025). It is not a reproduction of any single source’s delegation framework. 

 

Finding 4: Organizational design determines whether AI creates value 

Technology access alone does not produce strategic impact. McKinsey surveyed 238 C-level 
executives and 3,613 employees in late 2024 and found that only 1% of C-suite respondents 
characterized their Generative AI rollout as mature. Deloitte’s 2026 Global Human Capital Trends 
research, based on more than 9,000 business and HR leaders across 89 countries and more than 50 
expert interviews, likewise emphasizes work redesign, human agency, organizational learning, and 
decision-making—not technology deployment alone (Deloitte, 2026; McKinsey & Company, 
2025).  

Across the findings, a consistent proposition emerges: Generative AI can lower the cost of 
producing information and artifacts, but organizational value depends on what people do with the 
resulting capacity. Judgment, accountability, contextual interpretation, and alignment may therefore 
become more consequential, but this relationship still requires direct empirical testing. 
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4 Business & Technology Implications 

In the short term, organizations should redesign Product Management workflows at the task and 
decision level, rather than mandate generic AI adoption. Leaders should distinguish work that can 
be delegated, work requiring human verification, and high-stakes activities that require explicit 
human ownership. Technology teams should provide secure tools, trusted data access, provenance, 
evaluation mechanisms, and auditability. 

Over the longer term, the role may evolve toward a decision-architect model in which PMs 
orchestrate human and AI contributions while retaining responsibility for outcomes. Hiring and 
promotion systems may therefore need to place greater emphasis on product judgment, systems 
thinking, evidence evaluation, leadership, and AI delegation. Organizations should also protect 
apprenticeship pathways so that junior PMs can develop judgment even when AI performs part of 
the analytical work. 

Horizon Business implication Technology 
implication 

Leadership action 

0-2 years Redesign PM 
workflows around 
bounded AI delegation. 

Secure copilots, 
trusted data access, 
evaluation, and 
auditability. 

Train PMs; define 
review thresholds and 
decision ownership. 

3-5 years Shift performance 
systems from artifact 
throughput to product 
outcomes and decision 
quality. 

Embed human-agent 
workflows across 
discovery, strategy, 
delivery, and learning. 

Redesign hiring, 
promotion, 
apprenticeship, and 
leadership development. 

Recommen
ded action 

Create an AI-enabled PM 
operating model. 

Document delegation 
boundaries, evidence 
standards, and escalation 
paths. 

Pilot the model on one 
product area and measure 
decision quality, not only 
time saved. 

Table 1. Business and technology implications of the Product Manager value shift. 

Recommended action  

The recommendation depends on making decision quality measurable. A practical pilot could begin 
with the following candidate proxies. 

Measure Operational Definition 

Decision reversal rate Share of consequential decisions materially reversed within a 
defined period because the original assumptions or initial data or 
underlying assumptions were shown to be flawed. 

Decision ownership 
coverage 

Share of consequential AI-assisted decisions with a documented 
human owner, delegation boundary, and review threshold. 
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Time to validated evidence Time from identifying a product question to obtaining evidence 
judged sufficient for a decision. 

Outcome variance Difference between the expected outcome documented when a 
decision was made and the observed post-launch customer or 
business outcome. 

These should be treated as candidate proxies, not validated PM performance metrics. Their purpose 
is to make the proposed operating model testable. A Product organization could determine, for 
example, whether AI reduces decision-cycle time without simultaneously increasing reversal rates 
or divergence between predicted and realized outcomes. 

 

5 Open Questions & Research Gaps 

An analysis of existing research shows that evidence is strongest for AI adoption, productivity, task 
performance, and perceived benefits. Evidence is considerably more limited in establishing whether 
AI-enabled Product Managers make better decisions or produce superior long-term product 
outcomes. It also remains unclear which decisions should not be delegated, how accountable 
judgment should be measured, and whether AI-enabled productivity gains persist as tools and 
working practices mature.  

A second gap concerns career formation. If Generative AI absorbs some of the research, synthesis, 
and documentation through which junior PMs historically developed contextual knowledge, 
organizations may need new forms of apprenticeship and deliberate decision practice. Future 
research should first test whether AI-enabled Product Managers make better product decisions. 
Longitudinal studies could combine interviews and surveys with measures such as decision-reversal 
rates, time to validated evidence, and forecast-to-outcome variance. A separate research stream 
should examine career formation, including whether AI-enabled workflows change how junior 
Product Managers develop expertise and progress professionally. Cross-industry studies should then 
test whether these relationships differ across regulated industries, physical-product environments, 
smaller firms, and the public sector.  

The question is therefore no longer simply whether AI makes Product Managers faster. It is whether 
organizations can redesign Product Management so that greater speed produces better decisions. 

 

© SPS AI Lab. – WP-OF.PMG-01 v1.0​ Page 7 



​ ​ ​ ​ ​ ​             

 

6 References 

Agrawal, A. K., Gans, J. S., & Goldfarb, A. (2018). Prediction, judgment and complexity: A theory 
of decision making and artificial intelligence (NBER Working Paper No. 24243). National 
Bureau of Economic Research. 
https://www.nber.org/system/files/working_papers/w24243/w24243.pdf 

Dell’Acqua, F., Ayoubi, C., Lifshitz-Assaf, H., Sadun, R., Mollick, E., Mollick, L., Han, Y., 
Goldman, J., Nair, H., Taub, S., & Lakhani, K. R. (2025). The cybernetic teammate: A field 
experiment on generative AI reshaping teamwork and expertise (Harvard Business School 
Working Paper No. 25-043). Harvard Business School. 
https://www.hbs.edu/faculty/Pages/item.aspx?num=67197 

Deloitte. (2026). 2026 global human capital trends. 
https://www.deloitte.com/us/en/insights/topics/talent/human-capital-trends.html 

McKinsey & Company. (2024, May 31). How generative AI could accelerate software product time 
to market. 
https://www.mckinsey.com/industries/technology-media-and-telecommunications/our-insig
hts/how-generative-ai-could-accelerate-software-product-time-to-market 

McKinsey & Company. (2025, January 28). Superagency in the workplace: Empowering people to 
unlock AI's full potential at work. 
https://www.mckinsey.com/capabilities/tech-and-ai/our-insights/superagency-in-the-workpl
ace-empowering-people-to-unlock-ais-full-potential-at-work 

Microsoft. (2025). 2025 Work Trend Index annual report: The year the Frontier Firm is born. 
https://www.microsoft.com/en-us/worklab/work-trend-index/2025-the-year-the-frontier-fir
m-is-born 

PwC. (2026). 2026 global AI jobs barometer. 
https://www.pwc.com/gx/en/1/services/ai/ai-jobs-barometer.html 

Smith, G. M., Luka, N., Osborne, M., Lattimore, B., Newman, J., Mittelstadt, B., & Nonnecke, B. 
(2026). Guardrails versus gatekeepers: Understanding product managers’ ethical 
decision-making in generative AI. In Proceedings of the 2026 ACM Conference on 
Fairness, Accountability, and Transparency (pp. 6156–6179). Association for Computing 
Machinery. https://doi.org/10.1145/3805689.3812395 

Stanford Institute for Human-Centered Artificial Intelligence. (2026). Artificial intelligence index 
report 2026. Stanford University. 
https://hai.stanford.edu/assets/files/ai_index_report_2026.pdf 

Ulloa, M., Butler, J. L., Haniyur, S., Miller, C., Amos, B., Sarkar, A., & Storey, M.-A. (2026). 
Product manager practices for delegating work to generative AI: “Accountability must not 
be delegated to non-human actors.” In Proceedings of the IEEE/ACM 48th International 
Conference on Software Engineering: Software Engineering in Practice (pp. 10–21). 

© SPS AI Lab. – WP-OF.PMG-01 v1.0​ Page 8 

https://www.nber.org/system/files/working_papers/w24243/w24243.pdf
https://www.nber.org/system/files/working_papers/w24243/w24243.pdf
https://www.hbs.edu/faculty/Pages/item.aspx?num=67197
https://www.hbs.edu/faculty/Pages/item.aspx?num=67197
https://www.deloitte.com/us/en/insights/topics/talent/human-capital-trends.html
https://www.deloitte.com/us/en/insights/topics/talent/human-capital-trends.html
https://www.mckinsey.com/industries/technology-media-and-telecommunications/our-insights/how-generative-ai-could-accelerate-software-product-time-to-market
https://www.mckinsey.com/industries/technology-media-and-telecommunications/our-insights/how-generative-ai-could-accelerate-software-product-time-to-market
https://www.mckinsey.com/industries/technology-media-and-telecommunications/our-insights/how-generative-ai-could-accelerate-software-product-time-to-market
https://www.mckinsey.com/capabilities/tech-and-ai/our-insights/superagency-in-the-workplace-empowering-people-to-unlock-ais-full-potential-at-work
https://www.mckinsey.com/capabilities/tech-and-ai/our-insights/superagency-in-the-workplace-empowering-people-to-unlock-ais-full-potential-at-work
https://www.mckinsey.com/capabilities/tech-and-ai/our-insights/superagency-in-the-workplace-empowering-people-to-unlock-ais-full-potential-at-work
https://www.microsoft.com/en-us/worklab/work-trend-index/2025-the-year-the-frontier-firm-is-born
https://www.microsoft.com/en-us/worklab/work-trend-index/2025-the-year-the-frontier-firm-is-born
https://www.microsoft.com/en-us/worklab/work-trend-index/2025-the-year-the-frontier-firm-is-born
https://www.pwc.com/gx/en/1/services/ai/ai-jobs-barometer.html
https://www.pwc.com/gx/en/1/services/ai/ai-jobs-barometer.html
https://doi.org/10.1145/3805689.3812395
https://hai.stanford.edu/assets/files/ai_index_report_2026.pdf
https://hai.stanford.edu/assets/files/ai_index_report_2026.pdf


​ ​ ​ ​ ​ ​             

Association for Computing Machinery. https://doi.org/10.1145/3786583.3786849 

World Economic Forum. (2025). The future of jobs report 2025. 
https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf 

Yun, B., Feng, D., Chen, A. S., Nikzad, A., & Salehi, N. (2025). Generative AI in knowledge work: 
Design implications for data navigation and decision-making. arXiv. 
https://doi.org/10.48550/arXiv.2503.18419 

 

© SPS AI Lab. – WP-OF.PMG-01 v1.0​ Page 9 

https://doi.org/10.1145/3786583.3786849
https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf
https://reports.weforum.org/docs/WEF_Future_of_Jobs_Report_2025.pdf
https://doi.org/10.48550/arXiv.2503.18419
https://doi.org/10.48550/arXiv.2503.18419


​ ​ ​ ​ ​ ​             

 

© SPS AI Lab. – WP-OF.PMG-01 v1.0​ Page 10 


	Executive Summary 
	Topic Overview & Context 
	Key Findings from the Literature 
	Finding 1: Artifact production is becoming cheaper and faster 
	Finding 2: Judgment is becoming the scarce differentiator 
	Finding 3: Delegation is shaped by identity, accountability, and social context 
	 
	Finding 4: Organizational design determines whether AI creates value 

	Business & Technology Implications 
	Open Questions & Research Gaps 
	References 

